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The views and opinions expressed in this presentation are
those of the presenter and do not necessarily reflect Teva’s

official policy or position. T
Informational purposes only and

Nis presentation is for
does not constitute legal,

financial, or medical advice. W

nile every effort has been

made to ensure the accuracy of the information, no guarantee

IS given regarding its complete

Ness Oor correctness. Any

forward-looking statements are subject to risks and
uncertainties and actual results may differ.
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What is Al and how does it work?
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What can Al do and why use it?
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4 use Al to help us solve problems and do things better .-
speed, consistency, accuracy (fewer errors), compliance
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Type

1]

Narrow Al

focused on one task

(e.g., facial
recognition)

2

General Al

hypothetical future Al
that can understand,
learn, and apply
knowledge across any
domain, like a human

(e.g., conducting
scientific research)

—_—

Machine
Learning

a subset of Al where
systems learn from data

&

Deep Learning

a more advanced form
of machine learning
using neural networks
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Whatis an alg

al-go-rithm (n): a step-by-step set of instructions

used to solve a problem or perform a task

example: sock-sorting algorithm
goal: organize socks into matching pairs
N steps:
— (1) lay all socks flat on a surface
J— (2) pick one sock

H o ‘ (3) search for a sock with the same color and pattern

(4a) if found, place them together as a pair

(4b) if not, set the sock aside

(5) repeat until all socks are paired or sorted
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pharmacovigilance use case: finding signals

How long would it take a human who reads at average speed to review 1,000
pages of scientific literature?

Advanced scientific/technical material is read at ~6 pages/hour’

1,000 pages @ 6 pages/hour =167 hours
At 8 hours/day (no breaks) = 21 days

How long would it take Al? Minutes to summarize, a couple hours for more
critical review

1. Reading Speed Statistics — WordsRated
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https://wordsrated.com/reading-speed-statistics/
https://wordsrated.com/reading-speed-statistics/
https://wordsrated.com/reading-speed-statistics/
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pharmacovigilance prompt

pharmacovigilance prompt for Al (simplified):

(1) find and read all articles that reference adverse events
involving patients who took drug X
(2) provide details on what happened to each patient who
used drug X who experienced an adverse event
(3) indicate if patients were using any other drugs or had
other comorbidities
(4) indicate disposition of patient

future state: how is the drug connected to the adverse

event, if at all?
(currently evaluated using human intelligence)
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Where can we go tomorrow?

Hertz Is Using Al to Scan Your
Rental Car for Damage

The technology uses cameras and machine learning
algorithms to comb over the vehicle's body, glass,
tires, and undercarriage for damage and maintenance
issues. The scanners replace the need for manual
inspections

https://www.caranddriver.com/news/a651
76049/hertz-ai-scan-rental-car-damage/
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FDA exploring Al tools for sameness evaluations

xS

https://sam.gov/
workspace/contr
act/opp/a86bf7e
el18214db2afec6
96668234814 /vie
w

August 2025 | $250,000 FDA - DigiM Solution LLC

To explore advanced imaging technologies and Al assisted
image analysis to facilitate product development and ANDA
assessment of complex generics.

Goals of the project include:
development of an Al-assisted image analysis tool

- development of a database “containing data on
microstructure of various complex formulations with
the potential to serve as virtual references for
supporting generic development and approval

- to use the models to predict generic drug performance
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if you give a mouse a co

FDA should apply an enhanced benefit-
risk framework to evaluations aided by

Al. Any tools used should only be looking
for and FDA potentially acting on
clinically meaningful differences.

Enhanced benefit-risk means taking into
account whether informationis truly
needed to support approval, and with
consideration for patientaccess to
medicines.
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benefit-ri

Good FDA is thinking about a
news! benefit-risk-based approach for Al

Selections from FDA draft guidance Considerations for the Use of Artificial Intelligence
To Support Regulatory Decision-Making for Drug and Biological Products

* Evaluating the credibility of an Al model for a particular context of use
* Assessing the Al model’s risk

* Explicitly does not address the use of Al models (1) in drug discovery or (2) when
used for operational efficiencies that do not impact patient safety, drug quality, or
the reliability of results from a nonclinical or clinical study
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other potential R&D applications

determining whether and how small
differences in molecules have a
clinicalimpact

connect CMC, biologic structure, and
clinical effect for biosimilars

virtual interviewers to minimize bias

clinical site selection
from humans
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personalized labels

potential future use

"TNOE S
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challenges

datain
proprietary
databases that
companies may N
not want to
share; privacy
implications

oversimplification
of complex
scientific and
technical matters

data integrity &
hallucination
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